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The integration of advanced digital technologies has significantly transformed 
accounting practices over the past few years. However, structured analysis of how 
hyperautomation, primarily through tools such as artificial intelligence (AI) and robotic 
process automation (RPA), is affecting the field remains limited. This study examines the 
evolution of hyperautomation research in accounting, identifying key trends, thematic 
areas, and the countries that have contributed to this field. A bibliometric approach was 
employed to analyse peer-reviewed journal articles published between 2019 and 2024 
in the Web of Science database, using tools such as BiblioMagika, Excel, and VOSviewer. 
Co-occurrence analysis was applied to reveal dominant research themes and the 
intellectual structure of the field. The findings reveal a notable growth in publications 
since 2019, with the United States and China as the most prolific contributors. Core 
themes include intelligent automation in auditing, financial analysis, corporate 
governance, and sustainability. This study offers the first comprehensive bibliometric 
mapping of hyperautomation in accounting, contributing to a clearer understanding of 
its academic evolution. The results inform both future research and practical 
applications. Limitations include the database scope and the need for further inquiry 
into ethical and organizational challenges surrounding adoption. 
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1. Introduction 

 
The advent of hyperautomation marks a transformative shift in the accounting profession, 

offering unprecedented opportunities for enhancing efficiency, accuracy, and scalability in financial 
operations. Introduced by Gartner in 2019 as a strategic technology trend, hyperautomation refers 
to the integration of Robotic Process Automation (RPA), Artificial Intelligence (AI), Machine Learning 
(ML), and cognitive technologies to automate both routine and complex tasks [1-5]. This 
technological advancement is particularly relevant in the accounting domain, where precision, 
regulatory compliance, and timely decision-making are paramount [6]. As organizations increasingly 
face pressures to adapt to digital transformation [7], hyperautomation provides a powerful tool to 
meet the growing demands of a globalized economy [8]. 
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Accounting processes, traditionally dependent on manual inputs, are increasingly benefiting from 
automation technologies that reduce human error, improve reporting accuracy, and support real-
time decision-making [9]. The integration of AI with RPA empowers systems to handle unstructured 
data, recognize patterns, and execute informed decisions [10]. These developments have positioned 
hyperautomation as a focal point in discussions of accounting innovation, both in academic research 
and professional practice. 

Despite its potential, research on hyperautomation in accounting remains limited and 
fragmented. While there is growing interest in individual technologies such as AI and RPA, few studies 
systematically examine their integrated application within accounting. Challenges such as 
deployment complexity, organizational resistance, and workforce disruption have been noted, but a 
comprehensive investigation is lacking [11]. Furthermore, the terminology surrounding 
hyperautomation and related technologies is often used inconsistently [12], which complicates 
efforts to synthesize research findings and develop standardized frameworks for evaluating its 
effectiveness. Another critical issue is the scarcity of research examining the ethical implications of 
hyperautomation [13], including concerns about transparency, accountability, and the potential for 
algorithmic bias in decision-making processes. Addressing these problems is crucial for advancing 
both academic inquiry and practical applications of hyperautomation in accounting. 

To address these limitations, this study conducts a bibliometric analysis to map the evolution, key 
themes, and intellectual structure of hyperautomation-related research in accounting from 2019 to 
2024, focusing on peer-reviewed journal articles indexed in the Web of Science database. The 
expected outcomes include the identification of major contributors, research clusters, and emerging 
trends, which may inform future academic inquiry and guide practitioners in adopting data-driven, 
intelligent automation solutions. This study offers an original contribution by presenting the first 
comprehensive bibliometric mapping of hyperautomation in accounting, providing novel insights into 
the field’s development and highlighting strategic directions for both research and practice. By doing 
so, it not only captures the current landscape of scholarly work but also establishes a foundation for 
future studies, contributing to a deeper understanding of how hyperautomation is transforming the 
accounting profession and offering practical guidance for its responsible implementation. 
Specifically, the study seeks to: 

 
i. Analyze the evolution of academic research on hyperautomation in accounting, focusing on 

the key technologies (e.g., AI, RPA, ML) and their applications. 
ii. Identify the most influential publications contributing to the discourse on hyperautomation 

in accounting. 
iii. Examine the geographic distribution within hyperautomation research, highlighting regional 

disparities. 
iv. Explore the emerging themes and research clusters within the literature, including the impact 

of hyperautomation on operational efficiency, workforce transformation and ethical 
considerations. 

v. Provide actionable insights and future directions for both researchers and practitioners, 
focusing on the opportunities and challenges associated with hyperautomation in accounting. 

 
The following research questions guide the study: 

i. What are the key trends and thematic clusters in academic literature on hyperautomation in 
accounting? 
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ii. How has the discourse on hyperautomation evolved, and what are the major turning points 
or breakthroughs in the research? 

iii. Who are the leading contributors (countries) to the research on hyperautomation? 
iv. What are the main applications of hyperautomation technologies in accounting, and what 

impact have they had on operational efficiency, decision-making and compliance? 
v. What ethical challenges and concerns arise from the adoption of hyperautomation in 

accounting, and how are these addressed in the existing literature? 
vi. What gaps exist in the current body of research on hyperautomation, and what areas should 

future studies focus on? 
 

The remainder of the paper is organized as follows: the subsequent section delivers a 
comprehensive literature review, including an examination of prior bibliometric studies relevant to 
this research. The third section delineates the methodologies and data utilized in the analysis, while 
the fourth section presents the findings derived from the data. The fifth section engages in a detailed 
discussion of the results, highlights key conclusions and offers a synthesis of the primary findings, 
implications, avenues for future research and recognized limitations. The final section serves as a 
concise summary of the entire study. 

 
2. Literature Review 

 
To provide a foundation for this study, this section first examines the evolution from RPA to 

hyperautomation in the accounting field. Then it reviews previous bibliometric research to identify 
current limitations in the literature. 

 
2.1 The Evolution from RPA to Hyperautomation in Accounting 

 
RPA in accounting refers to the use of software bots to automate repetitive, rule-based tasks such 

as data entry, reconciliation and transaction processing, which traditionally required manual effort. 
This technology enables accounting professionals to focus on more value-added activities, like 
financial analysis and decision-making, thereby improving operational efficiency and reducing the 
likelihood of human error [14,15]. As organizations pursued digital transformation, RPA emerged as 
a key driver of process standardization and operational efficiency [16]. However, its limitations 
became apparent in handling unstructured data and executing judgment-intensive tasks, revealing 
the need for greater cognitive capabilities and setting the stage for integration with AI [17-19]. Figure 
1 illustrates the evolution of RPA from rule-based automation to intelligent data processing, and 
ultimately to human-like cognitive reasoning. 

AI, particularly in the form of ML, cognitive computing, and deep learning (DL), has the potential 
to revolutionize accounting by automating complex cognitive tasks. AI can process vast volumes of 
structured and unstructured data, identify patterns, detect anomalies, and deliver insights beyond 
the reach of conventional tools [6]. Applications such as chatbots, recommendation engines, and 
fraud detection systems exemplify AI’s expanding role in accounting. In response to these 
advancements, Chakraborty et al., [17] proposed the concept of True Cognitive RPA, which 
emphasizes systems capable of understanding and interpreting complex events with human-like 
cognitive depth. The goal is to transition from passive automation to active, context-aware decision-
making [16].  
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Fig. 1: Present and future RPA [17] 

 
Building on these developments, the concept of hyperautomation has emerged as a 

comprehensive approach that integrates RPA, AI, ML and other advanced technologies to achieve 
end-to-end automation of both routine and complex business processes [10,15]. Unlike traditional 
automation, which is confined to discrete tasks, hyperautomation enables systems to autonomously 
manage, analyze and act on information across entire workflows. As outlined by Madakam et al., and 
Yunus et al., [3,20], this paradigm involves the orchestration of multiple intelligent technologies to 
reduce human intervention, improve scalability and enhance responsiveness. As organizations adopt 
hyperautomation, they unlock substantial gains in efficiency, accuracy, and decision-making 
capabilities across various functions, including financial services [1,21,22]. Empirical evidence 
suggests that hyperautomation has significantly improved operational performance, underscoring its 
transformative potential for the future of accounting [22]. 

However, despite the promise of these technologies, their implementation is often met with 
resistance, as employees are concerned about job displacement and the complexity of transitioning 
to AI-based systems. Studies reveal that, over time, as users gain familiarity with these systems, their 
attitudes tend to shift positively, particularly when AI is shown to enhance job satisfaction by 
reducing mundane tasks and providing more opportunities for creative, value-added work [14]. 
However, successful integration requires strong IT governance, robust data security frameworks, and 
a focus on long-term sustainability to avoid the pitfalls of short-term adoption strategies [10]. By 
addressing these challenges, organizations can fully harness the transformative potential of these 
technologies in accounting, ultimately redefining the role of accountants in the digital age [23]. 

 
2.2 Prior Bibliometric Research on Hyperautomation in Accounting 
 

Although the term "hyperautomation" is not yet widely used in accounting research, its 
underlying technologies — such as AI, RPA and ML — have received growing attention. These 
technologies are central to the automation of accounting processes, yet current bibliometric studies 
have not explored them collectively as part of a unified automation paradigm. This study addresses 
that gap by offering a focused bibliometric analysis of research at the intersection of these 
technologies and accounting (Table 1). 

Several prior bibliometric reviews have analyzed how emerging technologies are shaping 
accounting; however, their scope typically remains fragmented or outdated. Indrayani et al., [24] 
conducted a comprehensive bibliometric analysis to map the evolution of research on emerging 
technologies in accounting, identifying clusters related to technology acceptance, professional 
practice, education and research methodologies. However, their study lacks a specific focus on 
hyperautomation technologies, such as AI and RPA, which are now fundamentally reshaping 
accounting practices, including auditing and financial reporting. This gap is further echoed in the work 
of Kumar et al., [25], who explored the applications of AI and blockchain in various business sectors, 
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identifying finance and accounting as key areas of relevance. However, their analysis, limited to the 
period between 2017 and 2020, emphasizes broader business contexts rather than the specific 
transformations in accounting processes that AI and RPA facilitate. The present research aims to 
address these limitations by examining how hyperautomation technologies directly impact 
operational efficiency, auditing, and compliance within the accounting profession. 

Further contributing to this discourse, Kalbouneh et al., [26] examined the intellectual structure 
of sustainability accounting, highlighting the importance of AI and big data in corporate 
environmental management and accountability. While their findings provide valuable insights, they 
do not sufficiently engage with hyperautomation technologies, such as RPA, which are pivotal in 
automating core accounting tasks. Similarly, Abad-Segura et al., [27] conducted a thorough analysis 
of emerging technologies in corporate accounting from 1961 to 2019, identifying key research lines 
such as cost accounting and information technology [28]. However, their analysis does not 
encompass the significant advancements in hyperautomation technologies that have emerged since 
2019. By incorporating the latest developments in AI, RPA and ML, this research aims to provide a 
more current understanding of the transformative effects of these technologies on accounting 
processes. 

Lastly, Chiu et al., [29] focused on technological developments in Accounting Information Systems 
(AIS) journals; they identified topics such as continuous auditing and management accounting. 
However, their analysis was limited to a limited range of journals, and their conclusions were drawn 
in 2016, before intelligent automation technologies became central to discussions of accounting 
innovation. 

These studies provide foundational insights but do not fully capture the technological 
convergence characterizing current research. They either predate the acceleration of 
hyperautomation or treat its components in isolation. This study builds on their contributions by 
analyzing recent literature (2019–2024) and explicitly focusing on how AI, RPA and related tools are 
transforming auditing, reporting, and regulatory compliance in the accounting profession. 

By drawing on the most current developments, this research provides a more integrated view of 
automation in accounting, highlighting key thematic patterns and intellectual structures that emerge 
from the literature. It contributes to the ongoing discourse by clarifying how hyperautomation 
enhances operational efficiency, reduces human intervention, and improves decision-making in 
complex accounting environments. The findings also have practical implications for professionals and 
policymakers seeking to understand and apply automation technologies in practice. 

While this study does not focus on ethical issues, it acknowledges the growing concerns about 
algorithmic transparency, job loss, and data security in the context of automation. Future research 
should further explore these dimensions to ensure that technology integration is done in a balanced 
and socially responsible manner. 

In summary, while previous bibliometric studies have made significant contributions to our 
understanding of digital transformation in accounting, they have not yet explored the concept of 
hyperautomation in a coherent and up-to-date manner. This study fills this gap by providing a 
targeted, up-to-date and conceptually unified analysis, providing academic insights and practical 
guidance for navigating the evolving accounting technology landscape. 
 
 
 
 
 
 



Journal of Advanced Research Design 

Volume 138 Issue 1 (2026) 42-64  

47 

Table 1 
Summary of previous studies 
Ref. Domain & Search Query Objective of the Study Total Document, Data Source 

& Coverage 
Attributes Examined Main Findings 

[24] Domain: Emerging technology 
in accounting. Search Query: 
TITLE (“Accounting” AND 
“technology”) 

To trace the evolution of 
research on emerging 
technologies in accounting, 
map clusters, and identify 
research gaps 

324 documents from Scopus, 
covering 1982–2024 

- Research trends 
- Clusters 
- Most-cited publications 
- Country contributions 
- Keywords 

Mapped four clusters related to technology 
acceptance, education, professional practice, 
and research methodologies in accounting. 
Identified gaps for future exploration. 

[25] Domain: AI and Blockchain 
Integration in Business. Search 
Query: ("AI" OR "Machine 
Learning" OR "Blockchain") 
AND ("Business"). 

To explore the applications and 
benefits of integrating AI and 
blockchain in various business 
sectors and identify research 
gaps. 

106 documents from Scopus, 
covering 2017-2020 

- Publication productivity 
- Most influential articles 
- Prominent topics 
- Co-occurrence analysis 
- Intellectual structure 

Identified four thematic clusters: supply 
chains, healthcare, secure transactions, and 
finance and accounting. The study concluded 
with 10 application areas where AI and 
blockchain integration can provide significant 
benefits to businesses in the era of IR 4.0. 

[26] Domain: Sustainability 
Accounting in the Corporate 
Environment. Search Query: 
TITLE (“sustainability 
accounting” AND “corporate 
environment”). 

To explore the intellectual 
structure of sustainability 
accounting and identify key 
trends, gaps, and research 
opportunities. 

679 documents from the 
Web of Science database, 
covering 2003–2022 

- Research trends 
- Most influential authors 
and publications 
- Country-level 
contributions 
- Keyword co-occurrence 
- Bibliographic coupling 

Identified four major research themes: 
reporting and disclosure, management 
control systems, environmental management, 
and stakeholder accountability. The study 
emphasized the need for further exploration 
of the role of technology (AI, big data) in 
sustainability accounting. 

[27] Domain: Emerging 
Technologies in Corporate 
Accounting. Search Query: 
TITLE (“emerging technologies” 
AND “corporate accounting”). 

To analyze global research 
trends and future directions in 
emerging technologies related 
to corporate accounting 
between 1961 and 2019. 

1126 documents from 
Scopus, covering 1961–2019 

- Publication trends 
- Thematic clusters 
- Keyword co-occurrence  
analysis 
- Author affiliations 
- Country contributions 

Identified six research lines: technology, 
information technology, cost accounting, 
investments, optimization, and employment. 
The study provided a comprehensive 
overview of how emerging technologies are 
reshaping corporate accounting, identifying 
gaps for future research. 

[29] Domain: Accounting 
Information Systems (AIS) and 
Emerging Technologies. Search 
Query: TITLE (“AIS” AND 
“Emerging Technologies”) 

To conduct a bibliometric 
analysis of six AIS journals and 
explore their contributions to 
research on emerging 
technologies in accounting. 

681 documents from six AIS 
journals (Journal of 
Information Systems, 
International Journal of 
Accounting Information 
Systems, Journal of Emerging 
Technologies in Accounting, 
etc.) covering 2004–2016 

- Research methodologies 
- Accounting areas 
- Emerging technologies 
- Journal comparison 

Identified key themes in AIS journals related 
to auditing, financial reporting, and 
managerial accounting, with significant 
contributions to emerging technologies 
research such as AI, XBRL, and continuous 
auditing. 
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3. Methods 
 

Bibliometric research plays a crucial role in understanding the accounting field within the 
context of technological advancements and the shift to a digital business environment. 
Bibliometric analysis has provided valuable insights into the structure and dynamics of the 
research landscape [30]. It enables researchers to identify influential authors who have made 
significant contributions to the field, as well as popular journals that publish high-quality research. 
Moreover, it allows the detection of emerging research trends, helping researchers stay current 
with the latest developments.  

 
3.1 Search Strategy 
 

This study employs a bibliometric analysis to explore the academic literature on 
hyperautomation in accounting. The bibliometric data were sourced from the Web of Science 
(WoS) database, covering the period from 2019 to 2024. This study period ensures that the 
analysis captures the latest research advancements, trends, and contributions in the fields of 
hyperautomation, AI, RPA and their impact on accounting. WoS was selected for its 
comprehensive indexing of peer-reviewed articles across various disciplines, ensuring the 
inclusion of high-quality academic publications [31,32]. 

To identify relevant literature, the search was conducted across all fields of the database, with 
a focus on articles published in English. The search strategy employed a combination of specific 
and broad terms to capture a wide range of studies related to hyperautomation, intelligent 
process automation, cognitive automation and related concepts, including AI, ML, RPA and 
software robots, within the context of accounting. The exact search string used is as follows (Table 
2): 
 

Table 2 
Detection of keywords in WoS core collection database 
Selected keywords No. of exported 

documents (after 
cleaning) 

ALL= ((“Hyper-automation” OR "Intelligent Process Automation" OR "Intelligent Automation" OR " 
Integrated Automation Platform” OR” Cognitive Automation ") AND (“Artificial Intelligence” OR "AI" OR 
"Machine Learning" OR "Cognitive Computing" OR "Deep Learning") AND (“Robotic Process 
Automation” OR "RPA" OR "Automation Software" OR "Digital Workforce" OR "Software Robots") AND 
“Accounting”) 

1 document  
 

ALL= ((“Hyper-automation” OR "Intelligent Process Automation" OR "Intelligent Automation" OR " 
Integrated Automation Platform” OR” Cognitive Automation ") AND (“Artificial Intelligence” OR "AI" OR 
"Machine Learning" OR "Cognitive Computing" OR "Deep Learning") AND “Accounting”) 

1 document 
 

ALL= ((“Hyper-automation” OR "Intelligent Process Automation" OR "Intelligent Automation" OR " 
Integrated Automation Platform” OR” Cognitive Automation ") AND (“Robotic Process Automation” OR 
"RPA" OR "Automation Software" OR "Digital Workforce" OR "Software Robots") AND “Accounting”) 

1 document 
 

ALL= ((“Artificial Intelligence” OR "AI" OR "Machine Learning" OR "Cognitive Computing" OR "Deep 
Learning") AND (“Robotic Process Automation” OR "RPA" OR "Automation Software" OR "Digital 
Workforce" OR "Software Robots") AND “Accounting”) 

22 documents 

ALL= ((“Artificial Intelligence” OR "AI" OR "Machine Learning" OR "Cognitive Computing" OR "Deep 
Learning") AND “Accounting”) 

890 documents 

ALL= ((“Robotic Process Automation” OR "RPA" OR "Automation Software" OR "Digital Workforce" OR 
"Software Robots") AND “Accounting”) 

44 documents 

ALL= ((“Hyper-automation” OR "Intelligent Process Automation" OR "Intelligent Automation" OR " 
Integrated Automation Platform” OR” Cognitive Automation ") AND “Accounting”) 

1 document 
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This search yielded an initial total of 960 records. The time frame for the search was set 
between 2019 and 2024 to capture the most recent developments and trends in 
hyperautomation technologies as they pertain to accounting practices. 

 
3.2 Data Collection 
 

All records retrieved from the WoS database were subjected to a rigorous screening process. 
The inclusion criteria were limited to articles, as they were considered most relevant for a 
bibliometric analysis of scholarly discourse. Other types of documents, such as book chapters, 
editorials, and non-peer-reviewed sources, were excluded from the study. Furthermore, the 
scope was limited to articles published in the categories of business, management, and business 
finance to maintain a focus on accounting and related subject areas. 

After preliminary screening using EXCEL, 48 records were excluded due to irrelevance or 
duplication, resulting in a dataset of 912 articles for bibliometric analysis. The records were 
extracted on October 5, 2024. Figure 2 presents an overview of the data collection process and 
the inclusion criteria for the bibliometric analysis of hyperautomation. 
 

 
Fig. 2: Flow diagram of the search strategy [33,34] 
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3.3 Data Cleaning and Harmonization 
 
To ensure the accuracy and consistency of the data before conducting the bibliometric 

analysis, we utilized BiblioMagika [35] and Excel to clean and harmonize authors' names, 
institutions, and countries. This tool resolves common issues such as variations in author name 
formats (e.g., "J. Doe" vs. "John Doe"), inconsistencies in institutional names, and discrepancies 
in country naming conventions (e.g., "USA" vs. "United States"). By standardizing these elements, 
we ensured that the data accurately reflects geographic distributions in the hyperautomation 
field. 

In addition, OpenRefine [35] was employed to clean the dataset's author keywords and index 
keywords. This step was crucial for ensuring consistency in keyword co-occurrence analysis, as 
variations such as "AI" and "Artificial Intelligence" could fragment thematic trends. Through 
OpenRefine, synonymous or redundant terms were merged, resulting in a more cohesive and 
reliable dataset for identifying key research themes and trends in the literature. 

 
3.4 Tools 
 

The data from the WOS database was then exported as an Excel (.xlsx) and a Plain text file 
(.txt). This dataset contains the following information: type, year, language, topic area, source 
title, keywords, abstract, country, affiliation, citations and authorship. For the bibliometric 
analysis, we used Microsoft Excel to conduct a performance analysis, which included calculating 
key metrics such as the total number of publications (TP), citation counts and journal counts. This 
tool enabled an in-depth assessment of research productivity and impact within the field of 
hyperautomation in accounting, providing critical insights into the leading authors, institutions 
and countries contributing to this area. 

Additionally, VOSviewer was used for visualizing the co-occurrence analysis of keywords, 
enabling the mapping of thematic clusters and trends within the literature [36]. This tool enabled 
the identification of frequently occurring keywords and their relationships [37], helping to reveal 
the intellectual structure of the research field and emerging areas of interest in hyperautomation.  
 
4. Results 
4.1 Publication Output and Growth Trend 
 

The number of papers published by a specific entity, such as a journal, institution, or nation, 
over a given period is used to measure publication activity. Indicators of publication activity 
provide insights into the quantitative growth and structural evolution of a research field. They 
also help identify the most influential journals, organizations, and countries contributing to a 
particular discipline [38]. 

This section presents key bibliometric findings that assess the development of literature on 
hyperautomation and accounting during the research period of 2019 to 2024. The study examines 
the most prolific authors, institutions, and countries. The findings indicate a significant 
exponential growth in the literature on hyperautomation in accounting, highlighting the 
increasing relevance of this topic in recent years. 

As shown in Figure 3, publication activity was relatively low in 2019, with only 54 publications. 
However, there was a notable increase in the number of publications in both 2020 and 2021, 
followed by significant peaks in 2022 (n = 151). This upward trend continued, with 212 
publications in 2023 and reaching 302 publications in 2024. In terms of citations, the 912 
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publications accumulated a total of 60,369 citations, with an average of 66.19 citations per 
publication. Figure 1 illustrates that the number of citations has increased exponentially in parallel 
with the growth in published papers. 

 

 
Fig. 3: Publication years from 2019 to 2024 

 
4.2 Top Publications, Countries and Journals 

 
This section highlights the most influential publications and countries contributing to the field 

of hyperautomation. In Figure 4, the top countries are identified based on the number of 
publications, providing a clearer understanding of their impact on the topic. The countries 

featured in Figure 4 account for 61.75% of all publications in this area. The United States leads 
with 528 publications, followed by China with 295. 

Globally, several countries have made significant contributions to the development of 
emerging technologies, including AI and RPA, such as the United States, China, the United 
Kingdom, Australia and Spain. These nations have a strong presence in the tech industry, with 
many top technology companies and research institutions based within their borders. The United 
States and China are the largest spenders on research and development (R&D) globally [39]. 
American companies, such as Apple, Google and Microsoft, have a significant influence on the 
global tech landscape. Meanwhile, Chinese companies, including Huawei, Alibaba and Tencent, 
have become key players in sectors like telecommunications, e-commerce and internet services. 
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Fig. 4: The most contributed countries/regions 

 

Globally, AI technology has undergone extensive development and application, with 
significant contributions from scientists worldwide toward advancing future professions. Major 
professional organizations, headquartered in countries such as the United States, China and the 
United Kingdom, have played a crucial role in shaping professional accounting standards and 
procedures, particularly in relation to emerging technologies. 

Figure 5 presents a list of journals with the highest number of publications related to 
hyperautomation, AI, RPA and accounting. The journal Intelligent Systems in Accounting, Finance 
and Management leads with 36 publications, accounting for 16% of the total. The International 
Journal of Accounting Information Systems follows with 30 publications, while the Journal of 
Emerging Technologies in Accounting has 26 publications. Other notable journals include the 
Journal of Financial Reporting and Accounting, with 20 publications, and Accounting and Finance, 
with 19 publications. Together, these ten journals represent 24.67% of all papers published in this 
area. As noted, these journals primarily focus on the intersection of accounting and information 
technologies. 

 

 
Fig. 5: The most contributed journals 
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4.3 Co-occurrence Analysis 
 

Co-occurrence analysis of author keywords identifies and visualizes the relationships between 
frequently used terms within a set of academic publications. This analysis, conducted using 
VOSviewer, helps in understanding the conceptual structure of a research field by showing how 
often specific keywords appear together in the same papers. The strength of these relationships 
is depicted through a network of nodes (keywords) and edges (co-occurrence links) [40], revealing 
the interconnectedness between different research themes. In this context, keywords that 
appear together frequently signify that they represent related or overlapping research areas, 
which helps identify thematic clusters and trends within literature [30]. The co-occurrence map 
in this analysis was generated using the complete counting method. This method ensures that 
every co-occurrence of keywords is counted equally, meaning each instance where two keywords 
appear together in a publication contributes to the overall strength of their connection [41]. 

A minimum threshold of 9 occurrences was set, meaning that only keywords that appeared 
at least nine times in the dataset were included in the analysis. Out of the 2,841 keywords present 
in the dataset, 42 met this threshold, but 39 keywords were selected for further study. This 
filtering process ensures that the most frequently used and impactful keywords are included, 
allowing for a more precise and more focused understanding of the main themes in the research 
field. 

In the resulting network, nodes represent keywords, where node size indicates their 
frequency; larger nodes correspond to more commonly used terms [40]. Edges denote co-
occurrence relationships, where edge thickness reflects the strength of association [42]. Colors 
represent clusters, grouping keywords that frequently co-occur, thus representing distinct 
thematic areas within the research landscape [30]. The co-occurrence analysis generated four 
different clusters as shown in Figure 6, each representing a thematic area within the research 
field of hyperautomation, AI, RPA and accounting. 

 

 
Fig. 6: Network visualization of the co-occurrence analysis of the keywords [43] 
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These clusters highlight different focal points within the literature and illustrate how various 
technological trends are influencing the evolution of accounting practices. Below is an expanded 
and detailed interpretation of each cluster: 

 
Cluster 1 (Red Cluster) – Artificial Intelligence (AI), Accounting, Auditing and Robotic Process 
Automation (RPA): 
 

This cluster represents the integration of AI and RPA into accounting and auditing processes 
(Table 3). Central keywords include AI, accounting, auditing, RPA, automation and blockchain 
technology. The inclusion of these terms reflects the growing influence of AI and RPA in 
automating traditional accounting tasks and improving audit processes. 

 
Table 3 
Keywords in cluster 1  
Keywords Links Total link strength Occurrences 

Accounting 27 82 42 
Accounting Education 11 22 14 
Artificial Intelligence 30 202 186 
Audit Quality 6 10 11 
Auditing 21 60 35 
Automation 10 21 13 
Blockchain Technology 14 56 30 
Decision-Making 6 11 9 

Digital Transformation 7 12 12 
Digitalization 12 33 18 

Financial Reporting 12 16 9 
Fintech 11 30 17 
Information Technology 9 14 9 
Robotic Process Automation 13 30 28 

 
AI: AI is playing an increasingly critical role in accounting, particularly in areas that involve 

large-scale data analysis, decision support, and the automation of routine tasks. AI-driven tools 
can enhance accuracy in financial reporting, identify patterns in vast datasets, and detect 
anomalies in real-time, helping accountants and auditors focus on high-value activities rather 
than repetitive tasks [45]. 

RPA: RPA is closely linked to AI in this cluster. It automates repetitive, rules-based tasks such 
as data entry, transaction processing, and invoice management [46]. In auditing, RPA can 
streamline processes by automatically generating audit trails, checking compliance, and flagging 
discrepancies that require human oversight. The co-occurrence of AI and RPA in this cluster 
emphasizes the synergy between these technologies in reshaping the accounting profession. 

Blockchain Technology: The presence of blockchain in this cluster highlights its potential for 
creating secure, immutable records of financial transactions. Blockchain's decentralized and 
transparent nature ensures that financial data is traceable, reliable, and resistant to tampering, 
which is critical for auditing and compliance [47]. Blockchain is also useful in areas such as fraud 
detection and ensuring the integrity of financial reporting. 

This cluster highlights the transformative impact of hyperautomation technologies, such as AI 
and RPA, in reducing manual workloads, enhancing financial accuracy, and ensuring transparency 
in auditing and financial processes. The increasing adoption of blockchain technology further 
enhances these goals by securing and validating financial data. 
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Cluster 2 (Green Cluster) – Machine Learning (ML), Big Data and Data Analytics: 
 

The green cluster is centered around the application of ML, big data, and data analytics in 
accounting and financial decision-making (Table 4). Keywords such as ML, DL, big data, data 
analytics, textual analysis, and neural networks dominate this cluster, reflecting the growing 
importance of data-driven approaches in modern accounting practices. 

 
Table 4 
Keywords in Cluster 2  
Keywords Links Total link strength Occurrences 

Big Data Analytics 9 22 13 
Data Analytics 16 35 18 
Data Mining 10 16 10 
Deep Learning 17 42 46 
Earnings Management 6 10 9 
Finance 13 25 12 
Machine Learning 35 182 216 
Neural Networks 10 23 19 
Textual Analysis 13 33 25 
Topic Modelling 8 15 10 

 
ML and DL: These technologies are pivotal in processing large datasets and extracting insights 

that were previously unattainable using traditional accounting methods. ML models are applied 
to a wide range of accounting tasks, including fraud detection, financial forecasting, risk 
assessment, and performance evaluation [48]. DL, a subset of ML, is beneficial for tasks involving 
unstructured data [49], such as image recognition in audit documentation or speech analysis in 
financial reporting. 

Big Data and Data Analytics: With the increasing availability of large datasets, big data 
analytics has become essential for analyzing complex financial information and improving 
decision-making [50]. In accounting, big data can be used to identify trends, forecast future 
financial performance, and optimize resource allocation [51]. The inclusion of data analytics 
highlights the importance of sophisticated analytical techniques in harnessing big data for more 
precise and insightful financial analyses. 

Textual Analysis and Topic Modeling: These techniques, closely associated with ML, are used 
to analyze unstructured textual data from sources such as financial reports, social media, and 
news articles. Textual analysis enables accountants and financial professionals to gauge market 
sentiment, assess corporate reputation, and comprehend stakeholder perceptions, all of which 
are crucial for effective risk management and informed strategic decision-making [52]. 

This cluster highlights the growing reliance on data science and ML algorithms in accounting 
to process vast amounts of data, providing more profound insights into financial performance, 
risk factors, and market conditions. The use of textual analysis highlights the increasing 
importance of unstructured data in informing financial decisions, enabling professionals to 
extract valuable insights from previously untapped data sources. 

 
Cluster 3 (Blue Cluster) – Corporate Governance, Sustainability and Firm Performance: 
 

This cluster centers on the themes of corporate governance, sustainability and firm 
performance (Table 5). Keywords such as corporate governance, corporate social responsibility 
(CSR), sustainability, firm performance, financial performance and Environmental, Social and 
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Governance (ESG) are prominent in this cluster, indicating a focus on how hyperautomation and 
AI are being applied to improve organizational accountability, sustainability and performance 
management. 
 

Table 5 
Keywords in Cluster 3  
Keywords Links Total link strength Occurrences 

Corporate Governance 9 18 18 
Corporate Social Responsibility 9 13 16 
ESG 7 17 11 
Financial Performance 8 13 10 
Firm Performance 8 12 10 
Forecasting 5 9 10 

Random Forest 11 20 17 
Sustainability 9 11 11 

 

Corporate Governance and CSR: Hyperautomation technologies, such as AI and RPA, are being 
increasingly applied to enhance transparency and accountability in corporate governance. These 
technologies can help organizations monitor compliance with regulations, ensure ethical business 
practices, and enhance decision-making processes at the board level [53,54]. AI can provide real-
time insights into governance issues, while RPA automates tasks such as regulatory reporting and 
audit compliance, allowing firms to maintain high standards of corporate governance. 

Sustainability and ESG Reporting: With growing pressure on firms to meet sustainability 
standards, automation technologies are being utilized to track and report on ESG metrics [55]. AI 
tools can assess a company’s environmental impact, analyze social responsibility initiatives, and 
ensure compliance with governance frameworks. Automated reporting systems also help firms 
produce timely and accurate ESG disclosures, which are crucial for maintaining investor trust and 
meeting regulatory requirements [56]. 

Firm and Financial Performance: Hyperautomation technologies are not only being used to 
ensure compliance but also to enhance firm performance. By automating routine financial tasks 
and providing data-driven insights, AI and RPA contribute to enhanced financial decision-making, 
more effective resource allocation and improved operational efficiency [57]. This cluster reflects 
the growing recognition that automation technologies are crucial for both enhancing bottom-line 
performance and ensuring that organizations fulfill their ethical and governance obligations. 

This cluster suggests that hyperautomation plays a pivotal role in supporting ethical business 
practices and sustainable growth, while also improving firm performance by providing real-time 
data for informed decision-making. The focus on corporate governance and CSR highlights the 
importance of aligning technology-driven efficiencies with broader social and environmental 
goals. 

 
Cluster 4 (Yellow Cluster) – Natural Language Processing (NLP), Sentiment Analysis and 
Unstructured Data: 
 

The final cluster centers on the use of natural language processing (NLP) and sentiment 
analysis in analyzing unstructured data (Table 6). Key terms include natural language processing, 
ChatGPT, sentiment analysis, text mining, social media and large language models (LLMs). 
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Table 6 
Keywords in Cluster 4 
Keywords Links Total link strength Occurrences 

Big Data 16 51 31 
Chatgpt 4 12 10 
Large Language Models 8 14 9 
Natural Language Processing 11 24 16 
Sentiment Analysis 6 7 9 
Social media 6 11 12 
Text Mining 9 16 11 

 
NLP and Sentiment Analysis: NLP is used to analyze large amounts of unstructured textual 

data from various sources, including social media, financial reports, news articles, and earnings 
call transcripts [58]. These analyses enable financial professionals to understand public 
sentiment, detect market trends, and assess corporate reputation[59]. Sentiment analysis tools, 
which analyze the tone and context of written or spoken language, provide valuable insights into 
stakeholder opinions and market reactions, enabling organizations to make informed, data-driven 
decisions [60]. 

Large Language Models (e.g., ChatGPT): The inclusion of ChatGPT and other large language 
models in this cluster highlights the potential of AI-driven language models to automate tasks 
such as report generation, customer service, and financial analysis [59]. These models can process 
and generate human-like text, making them valuable tools for automating repetitive tasks in 
accounting and finance. In addition, it has the potential to significantly impact auditing and fraud 
detection processes within the accounting field [61]. 

Text Mining and Social Media: Text mining is increasingly being used to extract insights from 
large datasets, particularly unstructured data found on social media platforms [62]. Companies 
can utilize social media data to track trends, measure customer satisfaction, and pinpoint 
potential risks or opportunities in real-time. 

This cluster underscores the increasing significance of unstructured data in financial decision-
making and the application of NLP and AI-driven language models to derive insights from vast 
volumes of text. These technologies are playing a crucial role in enabling real-time analysis of 
sentiment and behavior, which is particularly valuable for market prediction and risk 
management. 

The four clusters identified in this co-occurrence analysis provide a clear picture of how 
hyperautomation technologies such as AI, RPA, ML, NLP and blockchain are reshaping the 
accounting field. Each cluster focuses on a distinct aspect of automation, ranging from enhancing 
financial reporting and auditing processes to improving corporate governance, sustainability and 
decision-making through advanced data analytics and sentiment analysis. 

These findings contribute to the body of knowledge by highlighting the central role that data-
driven decision-making and automation technologies play in modern accounting practices. The 
analysis reveals that the field is becoming increasingly interdisciplinary, integrating advanced 
computational techniques to address challenges such as regulatory compliance, transparency and 
ethical corporate behavior. This study highlights the need for further research into the ethical 
implications of these technologies and their potential to shape the future of the accounting 
profession. 

The findings from this co-occurrence analysis provide critical insights into the current state of 
research on hyperautomation and accounting. By identifying key thematic clusters, the study 
reveals major trends in the field, such as the increasing adoption of AI and RPA for automating 
accounting and auditing tasks, the growing use of ML and big data in financial analysis, and the 
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emerging importance of NLP and sentiment analysis in analyzing unstructured data sources like 
social media. 

This study contributes to the literature by mapping the intellectual structure of the field and 
identifying key research areas that are shaping the future of accounting in the context of 
technological advancements. It highlights how automation technologies are not only improving 
the efficiency and accuracy of financial processes but also promoting ethical business practices, 
corporate transparency and sustainability. Furthermore, the study highlights the increasing 
significance of real-time data analysis in financial decision-making, providing valuable insights 
that can inform future research and practice. 

 
5. Discussion 
5.1 Summary of Key 
 

The bibliometric analysis reveals a substantial increase in academic interest in 
hyperautomation within accounting between 2019 and 2024. Publications rose from 54 in 2019 
to 302 in 2024, reflecting the expanding relevance of technologies such as AI, RPA and ML. The 
United States and China emerged as leading contributors. Co-occurrence analysis identified four 
thematic clusters: (1) AI and RPA in accounting and auditing; (2) ML and big data in financial 
analytics; (3) hyperautomation's integration into corporate governance and sustainability; and (4) 
NLP and sentiment analysis for unstructured data in financial decision-making. 

 
5.2 Interpretation of Findings 
 

The exponential increase in publications over the past few years can be attributed to the 
rapidly advancing technological landscape and the widespread recognition of the potential of AI 
and RPA to automate routine accounting tasks. This rise parallels broader trends in the 
automation of financial processes, where organizations increasingly rely on advanced AI tools to 
streamline operations, reduce human error and ensure compliance with regulatory standards. 
The co-occurrence analysis reveals that AI and RPA are central themes in the automation of 
accounting, particularly in enhancing audit processes, detecting anomalies in financial data, and 
improving the accuracy of real-time reporting. According to the research of Judijanto et al., [63], 
the complementary roles of AI and RPA in improving organizational outcomes and employee well-
being are emphasized. 

Additionally, the prominence of keywords related to ML, big data and data analytics 
demonstrates that data-driven decision-making is a crucial aspect of modern accounting. Big data 
analytics, particularly through ML and DL, is increasingly applied to enhance financial reporting 
quality by detecting fraud, identifying earnings management and analyzing narrative disclosures 
[64]. Moreover, DL, as a cutting-edge technique for forecasting monthly total sales, enables 
business leaders to develop more informed and strategic business plans [65]. Automation is 
increasingly vital for regulatory compliance and ethical transparency in corporate governance, 
especially as sustainability reporting standards become more stringent. As De Silva et al., [66] 
note, technologies like AI and blockchain support ESG reporting, circular economy planning and 
strategic decision-making to promote sustainable development. The use of NLP and sentiment 
analysis in financial decision-making further highlights how unstructured data, such as social 
media or market sentiment, is becoming a valuable resource for financial analysts seeking real-
time insights into market trends. 
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5.3 Implications for Practice 
 

The findings from this study suggest several key implications for practice in the accounting 
field. First, the integration of AI and RPA into accounting processes can significantly improve 
operational efficiency, reduce costs and enhance the accuracy of financial reporting. These 
technologies enable real-time auditing and compliance checks, allowing firms to respond more 
quickly to regulatory demands and reduce the likelihood of financial discrepancies. Furthermore, 
the application of ML and big data analytics in accounting can provide deeper insights into 
financial performance and market conditions, helping organizations make more informed 
strategic decisions. 

For corporate governance, the use of AI in tracking and reporting ESG metrics can ensure that 
companies meet the growing demand for sustainability disclosures. This not only enhances 
transparency but also improves a firm's reputation among investors and stakeholders. 
Additionally, the increased application of NLP and sentiment analysis tools provides opportunities 
for accountants and financial professionals to assess public sentiment and predict market 
movements, allowing for more dynamic and real-time decision-making. 

 
5.4 Recommendations for Future Research 
 

Despite notable advances, further research is needed to address the challenges and 
opportunities posed by the rapid evolution of hyperautomation in accounting. First, future studies 
could explore how hyperautomation can be effectively adopted by small- and medium-sized 
enterprises (SMEs). Most existing implementations are concentrated in large firms with abundant 
resources [67]. Future studies may investigate modular and cost-effective automation solutions 
for SMEs, as well as barriers such as a lack of technical expertise and concerns over initial 
investments. Longitudinal studies on return on investment, productivity gains and error reduction 
in SME contexts would provide valuable insights. 

Second, ethical considerations surrounding hyperautomation demand greater attention. 
Issues such as algorithmic bias, opacity in decision logic, data privacy, and labor displacement are 
critical [68]. Scholars may develop ethical frameworks to guide responsible implementation. This 
includes ensuring algorithmic transparency, securing sensitive data, and creating upskilling 
pathways for displaced accounting professionals. 

Third, the use of NLP and sentiment analysis in financial contexts remains underexplored. 
With the proliferation of unstructured data, these tools are expected to revolutionize financial 
forecasting, risk detection, and reporting [69]. However, current NLP models often struggle to 
process context-rich financial language [70]. Research should focus on enhancing language 
models to improve accuracy and explore their practical applications in areas such as real-time 
reporting, fraud detection, and ESG sentiment tracking. Additionally, the ethical risks associated 
with using sentiment data, including potential manipulation or biased interpretation, should be 
thoroughly explored. 

Fourth, broader socioeconomic impacts of hyperautomation in accounting warrant further 
investigation. Beyond operational improvements, hyperautomation is reshaping job roles, skill 
requirements, and employment patterns. Comparative studies across regions and industries can 
shed light on how regulatory, cultural and economic factors influence adoption. For example, 
research could investigate how the uptake of hyperautomation differs between developed and 
emerging economies, and its implications for competitiveness and employment. These insights 
can support the development of inclusive policies and effective workforce planning.  
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Lastly, as highlighted in recent publications from 2024 and 2025, the integration of generative 
AI into accounting workflows is rapidly emerging as a new frontier [71-74]. Future bibliometric 
and empirical research should capture this trend and investigate how generative models affect 
assurance, financial reasoning and ethical oversight. Together, these directions will support the 
development of a more adaptive, inclusive and ethically grounded accounting profession in the 
era of hyperautomation. 

 
6. Conclusion  
 

This study has mapped the academic landscape of hyperautomation in accounting from 2019 
to 2024 through a comprehensive bibliometric analysis. The findings reveal exponential growth 
in publications on key technologies such as AI, RPA, ML and NLP, with the United States and China 
leading contributions. Co-occurrence analysis identified four dominant thematic clusters: AI and 
RPA in accounting, ML and big data analytics, the role of automation in governance and 
sustainability, and the growing relevance of NLP and sentiment analysis in financial contexts. 

By illuminating how these technologies are reshaping accounting practices, the study makes 
both theoretical and practical contributions to the field. The findings offer actionable insights for 
practitioners seeking to enhance operational efficiency, compliance and decision-making through 
automation. However, critical gaps remain, particularly in the adoption of automation among 
SMEs and the ethical implications of AI. Addressing these issues through future research is 
essential for ensuring that hyperautomation is deployed responsibly and equitably. In light of 
emerging trends such as generative AI, the study calls for sustained inquiry into the evolving 
frontiers of automation in accounting. 
  
Acknowledgement 
I sincerely thank my supervisors for their guidance and support throughout this research. I also 
acknowledge the assistance of OpenAI’s ChatGPT in refining academic writing and conceptual 
clarity. This research was supported by a grant from Universiti Kebangsaan Malaysia (Grant No. 
GGPM-2022-002). 
 
References  
[1] George, A. Shaji, AS Hovan George, T. Baskar, and V. Sujatha. "The rise of hyperautomation: a new frontier for 

business process automation." Partners Universal International Research Journal 2, no. 4 (2023): 13-35.  
[2] LASSO-RODRIGUEZ, Guillermo, and Kay Winkler. "Hyperautomation to fulfil jobs rather than executing tasks: 

the BPM manager robot vs human case." Romanian Journal of Information Technology & Automatic 
Control/Revista Română de Informatică și Automatică 30, no. 3 (2020). 
https://doi.org/10.33436/v30i3y202001 

[3] Madakam, Somayya, Rajesh M. Holmukhe, and Rajeev K. Revulagadda. "The next generation intelligent 
automation: hyperautomation." JISTEM-Journal of Information Systems and Technology Management 19 
(2022): e202219009. https://doi.org/10.4301/S1807-1775202219009 

[4] Mishra, Sagarika, Michael T. Ewing, and Holly B. Cooper. "Artificial intelligence focus and firm 
performance." Journal of the Academy of Marketing Science 50, no. 6 (2022): 1176-1197. 
https://doi.org/10.1007/s11747-022-00876-5 

[5] Gartner. Gartner Top 10 Strategic Technology Trends for 2020. 2019.  
[6] Kommunuri, John. "Artificial intelligence and the changing landscape of accounting: a viewpoint." Pacific 

Accounting Review 34, no. 4 (2022): 585-594. https://doi.org/10.1108/PAR-06-2021-0107 
[7] Omol, Edwin Juma. "Organizational digital transformation: from evolution to future trends." Digital 

Transformation and Society 3, no. 3 (2024): 240-256. https://doi.org/10.1108/DTS-08-2023-0061 
[8] Stankov, Stanko P. "DEVELOPMENT OF AUTOMATION IN THE DIRECTION OF HYPERAUTOMATION." Annals of 

the Faculty of Engineering Hunedoara 22, no. 1 (2024): 179-184. 

https://doi.org/10.33436/v30i3y202001
https://doi.org/10.4301/S1807-1775202219009
https://doi.org/10.1007/s11747-022-00876-5
https://doi.org/10.1108/PAR-06-2021-0107
https://doi.org/10.1108/DTS-08-2023-0061


Journal of Advanced Research Design 

Volume 138 Issue 1 (2026) 42-64  

61 

[9] Pardesi, Sachkirat Singh. "Integrating Hyper-Automation with RPA and AI for End-to-End Business Process 
Optimization." Darpan International Research Analysis 12, no. 3 (2024): 199-211. 
https://doi.org/10.36676/dira.v12.i3.67 

[10] Benjamin, Matthew. "Hyperautomation: The Next Evolution of AI and RPA." (2025). 
[11] Moll, Jodie, and Ogan Yigitbasioglu. "The role of internet-related technologies in shaping the work of 

accountants: New directions for accounting research." The British accounting review 51, no. 6 (2019): 100833. 
https://doi.org/10.1016/j.bar.2019.04.002 

[12] Bornet, Pascal, Ian Barkin, and Jochen Wirtz. Intelligent automation: Welcome to the world of 
hyperautomation: Learn how to harness artificial intelligence to boost business & make our world more human. 
2021. https://doi.org/10.1142/12239 

[13] Palaniappan, Rajkumar. "An Overview on Robot Process Automation: Advancements, Design Standards, its 
Application, and Limitations." Informatica 48, no. 1 (2024). https://doi.org/10.31449/inf.v48i1.5058 

[14] Cooper, Lauren A., D. Kip Holderness Jr, Trevor L. Sorensen, and David A. Wood. "Perceptions of robotic 
process automation in Big 4 public accounting firms: Do firm leaders and lower-level employees 
agree?." Journal of Emerging Technologies in Accounting 19, no. 1 (2022): 33-51. 
https://doi.org/10.2308/JETA-2020-085 

[15] Zhang, Chanyuan, Hussein Issa, Andrea Rozario, and Jonas Sveistrup Soegaard. "Robotic process automation 
(RPA) implementation case studies in accounting: A beginning to end perspective." Accounting Horizons 37, 
no. 1 (2023): 193-217. https://doi.org/10.2308/HORIZONS-2021-084 

[16] Maddukuri, Narendra. "Ai-Powered Decision Making In Rpa Workflows: The Rise Of Intelligent Decision 
Engines." Intelligence 1, no. 1 (2023): 72-86. https://doi.org/10.34218/IJAIRD_01_01_007 

[17] Chakraborty, Arpita, Siddhartha Bhattacharyya, Debashis De, Mufti Mahmud, and Jyoti Sekhar Banerjee. 
"Intelligent automation framework using AI and RPA: an Introduction." In Confluence of Artificial Intelligence 
and Robotic Process Automation, pp. 1-13. Singapore: Springer Nature Singapore, 2023. 
https://doi.org/10.1007/978-981-19-8296-5_1 

[18] Tiron‐Tudor, Adriana, Ramona Lacurezeanu, Vasile Paul Bresfelean, and Adelina Nicoleta Dontu. "Perspectives 
on how robotic process automation is transforming accounting and auditing services." Accounting 
Perspectives 23, no. 1 (2024): 7-38. https://doi.org/10.1111/1911-3838.12351 

[19] Yatskiv, Nataliya, Solomiya Yatskiv, and Anatoliy Vasylyk. "Method of robotic process automation in software 
testing using artificial intelligence." In 2020 10th International Conference on Advanced Computer Information 
Technologies (ACIT), pp. 501-504. IEEE, 2020. ttps://doi.org/10.1109/ACIT49673.2020.9208806 

[20] Yunus, YUSASNIZA MOHD, A. I. N. I. Aman, and KAMARUL BARAINI Keliwon. "The role of business leaders in 
information technology innovation in the new era of disruptive technology." Asian Journal of Accounting and 
Governance 12, no. 1 (2019): 1-10. https://doi.org/10.17576/AJAG-2019-12-11 

[21] Quargnali, Giovanni. "Hyperautomation–intelligent automation." (2022). 
[22] Anica-Popa, Liana-Elena, Marinela Vrîncianu, and Iuliana-Mădălina PETRICĂ. "AI–powered Business Services in 

the Hyperautomation Era." In Proceedings of the International Conference on Business Excellence, vol. 17, no. 
1, pp. 1036-1050. Sciendo, 2023. https://doi.org/10.2478/picbe-2023-0094 

[23] Leitner-Hanetseder, Susanne, Othmar M. Lehner, Christoph Eisl, and Carina Forstenlechner. "A profession in 
transition: actors, tasks and roles in AI-based accounting." Journal of applied accounting research 22, no. 3 
(2021): 539-556. https://doi.org/10.1108/JAAR-10-2020-0201 

[24] Indrayani, Eko Ganis Sukoharsono, Ali Djamhuri, and Roekhudin. "Mapping research landscape of emerging 
technology in the accounting field: a bibliometric analysis." Cogent Business & Management 11, no. 1 (2024): 
2407044. https://doi.org/10.1080/23311975.2024.2407044 

[25] Kumar, Satish, Weng Marc Lim, Uthayasankar Sivarajah, and Jaspreet Kaur. "Artificial intelligence and 
blockchain integration in business: trends from a bibliometric-content analysis." Information Systems 
Frontiers 25, no. 2 (2023): 871-896. https://doi.org/10.1007/s10796-022-10279-0 

[26] Kalbouneh, Ahmad, Khaled Aburisheh, Loona Shaheen, and Qasem Aldabbas. "The intellectual structure of 
sustainability accounting in the corporate environment: A literature review." Cogent Business & 
Management 10, no. 2 (2023): 2211370. https://doi.org/10.1080/23311975.2023.2211370 

[27] Abad-Segura, Emilio, and Mariana-Daniela González-Zamar. "Research analysis on emerging technologies in 
corporate accounting." Mathematics 8, no. 9 (2020): 1589. https://doi.org/10.3390/math8091589 

[28] Göktürk, Ibrahim Emre, Batuhan Güvemli, and Özkan Sarısoy. "Exploring journal of emerging technologies in 
accounting: A content and citation analysis of JETA." Journal of Emerging Technologies in Accounting 21, no. 1 
(2024): 29-41. https://doi.org/10.2308/JETA-2023-015 

https://doi.org/10.36676/dira.v12.i3.67
https://doi.org/10.1016/j.bar.2019.04.002
https://doi.org/10.1142/12239
https://doi.org/10.31449/inf.v48i1.5058
https://doi.org/10.2308/JETA-2020-085
https://doi.org/10.2308/HORIZONS-2021-084
https://doi.org/10.34218/IJAIRD_01_01_007
https://doi.org/10.1007/978-981-19-8296-5_1
https://doi.org/10.1111/1911-3838.12351
https://doi.org/10.1109/ACIT49673.2020.9208806
https://doi.org/10.17576/AJAG-2019-12-11
https://doi.org/10.2478/picbe-2023-0094
https://doi.org/10.1108/JAAR-10-2020-0201
https://doi.org/10.1080/23311975.2024.2407044
https://doi.org/10.1007/s10796-022-10279-0
https://doi.org/10.1080/23311975.2023.2211370
https://doi.org/10.3390/math8091589
https://doi.org/10.2308/JETA-2023-015


Journal of Advanced Research Design 

Volume 138 Issue 1 (2026) 42-64  

62 

[29] Chiu, Victoria, Qi Liu, Brigitte Muehlmann, and Amelia Annette Baldwin. "A bibliometric analysis of accounting 
information systems journals and their emerging technologies contributions." International Journal of 
Accounting Information Systems 32 (2019): 24-43. https://doi.org/10.1016/j.accinf.2018.11.003 

[30] Donthu, Naveen, Satish Kumar, Debmalya Mukherjee, Nitesh Pandey, and Weng Marc Lim. "How to conduct 
a bibliometric analysis: An overview and guidelines." Journal of business research 133 (2021): 285-296. 
ttps://doi.org/10.1016/j.jbusres.2021.04.070 

[31] Zhang, Dayong, Zhiwei Zhang, and Shunsuke Managi. "A bibliometric analysis on green finance: Current status, 
development, and future directions." Finance Research Letters 29 (2019): 425-430. 
https://doi.org/10.1016/j.frl.2019.02.003 

[32] Bartolacci, Francesca, Andrea Caputo, and Michela Soverchia. "Sustainability and financial performance of 
small and medium sized enterprises: A bibliometric and systematic literature review." Business Strategy and 
the Environment 29, no. 3 (2020): 1297-1309. https://doi.org/10.1002/bse.2434 

[33] Zakaria, Rahimah, Aidi Ahmi, Asma Hayati Ahmad, Zahiruddin Othman, Khairunnuur Fairuz Azman, Che 
Badariah Ab Aziz, Che Aishah Nazariah Ismail, and Nazlahshaniza Shafin. "Visualising and mapping a decade of 
literature on honey research: A bibliometric analysis from 2011 to 2020." Journal of Apicultural Research 60, 
no. 3 (2021): 359-368. https://doi.org/10.1080/00218839.2021.1898789 

[34] Moher, David, Alessandro Liberati, Jennifer Tetzlaff, Douglas G. Altman, and Prisma Group. "Preferred 
reporting items for systematic reviews and meta-analyses: the PRISMA statement." International journal of 
surgery 8, no. 5 (2010): 336-341. https://doi.org/10.1016/j.ijsu.2010.02.007 

[35] Ahmi, Aidi. "OpenRefine: An approachable tool for cleaning and harmonizing bibliographical data." In AIP 
Conference Proceedings, vol. 2827, no. 1. AIP Publishing, 2023. https://doi.org/10.1063/5.0164724 

[36] Lemonakis, Christos, Nikolaos Sariannidis, Alexandros Garefalakis, and Anastasia Adamou. "Visualizing 
operational effects of ERP systems through graphical representations: current trends and 
perspectives." Annals of Operations Research 294, no. 1 (2020): 401-418.                                                   
https://doi.org/10.1007/s10479-018-2851-x 

[37] Hocevar, Marjan, and Tomaz Bartol. "Mapping urban tourism issues: analysis of research perspectives through 
the lens of network visualization." International Journal of Tourism Cities 7, no. 3 (2021): 818-844.  
https://doi.org/10.1108/IJTC-05-2020-0110 

[38] Chen, Guo, and Lu Xiao. "Selecting publication keywords for domain analysis in bibliometrics: A comparison of 
three methods." Journal of Informetrics 10, no. 1 (2016): 212-223. https://doi.org/10.1016/j.joi.2016.01.006 

[39] Dyvik, E. H. Leading Countries by Gross Research and Development (R&D) Expenditure Worldwide in 2022. 
2024. 

[40] Van Eck, Nees, and Ludo Waltman. "Software survey: VOSviewer, a computer program for bibliometric 
mapping." scientometrics 84, no. 2 (2010): 523-538. https://doi.org/10.1007/s11192-009-0146-3 

[41] Guleria, Deepa, and Gurvinder Kaur. "Bibliometric analysis of ecopreneurship using VOSviewer and RStudio 
Bibliometrix, 1989–2019." Library Hi Tech 39, no. 4 (2021): 1001-1024.                                    
https://doi.org/10.1108/LHT-09-2020-0218 

[42] Cobo, Manuel J., Antonio Gabriel López-Herrera, Enrique Herrera-Viedma, and Francisco Herrera. "An 
approach for detecting, quantifying, and visualizing the evolution of a research field: A practical application to 
the Fuzzy Sets Theory field." Journal of informetrics 5, no. 1 (2011): 146-166. 
https://doi.org/10.1016/j.joi.2010.10.002 

[43] Van Eck, Nees Jan, and Ludo Waltman. "Visualizing bibliometric networks." In Measuring scholarly impact: 
Methods and practice, pp. 285-320. Cham: Springer International Publishing, 2014.  
https://doi.org/10.1007/978-3-319-10377-8_13 

[44] Abu Huson, Yazan, Laura Sierra-García, and María Antonia Garcia-Benau. "A bibliometric review of information 
technology, artificial intelligence, and blockchain on auditing." Total Quality Management & Business 
Excellence 35, no. 1-2 (2024): 91-113. https://doi.org/10.1080/14783363.2023.2256260 

[45] Lee, Cheah Saw, and Farzana Parveen Tajudeen. "Usage and impact of artificial intelligence on accounting: 
Evidence from Malaysian organisations." Asian Journal of Business and Accounting 13, no. 1 (2020). 
https://doi.org/10.22452/ajba.vol13no1.8 

[46] Fernandez, Dahlia, Omkar Dastane, Hafizah Omar Zaki, and Aini Aman. "Robotic process automation: 
bibliometric reflection and future opportunities." European Journal of Innovation Management 27, no. 2 
(2023): 692-712. https://doi.org/10.1108/EJIM-10-2022-0570 

[47] Bonyuet, Derrick. "Overview and impact of blockchain on auditing." International Journal of Digital Accounting 
Research 20 (2020): 31-43. https://doi.org/10.4192/1577-8517-v20_2 

[48] Zhang, Xiaofang. "Application of data mining and machine learning in management accounting information 
system." Journal of Applied Science and Engineering 24, no. 5 (2021): 813-820. 

https://doi.org/10.1016/j.accinf.2018.11.003
https://doi.org/10.1016/j.jbusres.2021.04.070
https://doi.org/10.1016/j.frl.2019.02.003
https://doi.org/10.1002/bse.2434
https://doi.org/10.1080/00218839.2021.1898789
https://doi.org/10.1016/j.ijsu.2010.02.007
https://doi.org/10.1063/5.0164724
https://doi.org/10.1007/s10479-018-2851-x
https://doi.org/10.1108/IJTC-05-2020-0110
https://doi.org/10.1016/j.joi.2016.01.006
https://doi.org/10.1007/s11192-009-0146-3
https://doi.org/10.1016/j.joi.2010.10.002
https://doi.org/10.1007/978-3-319-10377-8_13
https://doi.org/10.1080/14783363.2023.2256260
https://doi.org/10.22452/ajba.vol13no1.8
https://doi.org/10.1108/EJIM-10-2022-0570
https://doi.org/10.4192/1577-8517-v20_2


Journal of Advanced Research Design 

Volume 138 Issue 1 (2026) 42-64  

63 

[49] Goswami, Shubhashish, and Abhimanyu Kumar. "Survey of deep-learning techniques in big-data 
analytics." Wireless Personal Communications 126, no. 2 (2022): 1321-1343.             
https://doi.org/10.1007/s11277-022-09793-w 

[50] Saleh, Isam, Yahya Marei, Maha Ayoush, and Malik Muneer Abu Afifa. "Big data analytics and financial 
reporting quality: qualitative evidence from Canada." Journal of Financial Reporting and Accounting 21, no. 1 
(2022): 83-104. https://doi.org/10.1108/JFRA-12-2021-0489 

[51] Abdelhalim, Abeer M. "How management accounting practices integrate with big data analytics and its impact 
on corporate sustainability." Journal of Financial Reporting and Accounting 22, no. 2 (2024): 416-432. 
ttps://doi.org/10.1108/JFRA-01-2023-0053 

[52] Bochkay, Khrystyna, Stephen V. Brown, Andrew J. Leone, and Jennifer Wu Tucker. "Textual analysis in 
accounting: What's next?." Contemporary accounting research 40, no. 2 (2023): 765-805. 
https://doi.org/10.1111/1911-3846.12825 

[53] McBride, Russ, Alireza Dastan, and Poorya Mehrabinia. "How AI affects the future relationship between 
corporate governance and financial markets: A note on impact capitalism." Managerial Finance 48, no. 8 
(2022): 1240-1249. https://doi.org/10.1108/MF-12-2021-0586 

[54] Cui, Xiuli, Bo Xu, and Amar Razzaq. "Can application of artificial intelligence in enterprises promote the 
corporate governance?." Frontiers in Environmental Science 10 (2022): 944467. 
ttps://doi.org/10.3389/fenvs.2022.944467 

[55] Li, Nichole, Meehyun Kim, Jun Dai, and Miklos A. Vasarhelyi. "Using artificial intelligence in ESG 
assurance." Journal of Emerging Technologies in Accounting 21, no. 2 (2024): 83-99. 
https://doi.org/10.2308/JETA-2022-054 

[56] Brusseau, James. "AI human impact: toward a model for ethical investing in AI-intensive companies." Journal 
of Sustainable Finance & Investment 13, no. 2 (2023): 1030-1057.  
https://doi.org/10.1080/20430795.2021.1874212 

[57] Shiyyab, Fadi Shehab, Abdallah Bader Alzoubi, Qais Mohammad Obidat, and Hashem Alshurafat. "The impact 
of artificial intelligence disclosure on financial performance." International Journal of Financial Studies 11, no. 
3 (2023): 115. https://doi.org/10.3390/ijfs11030115 

[58] Lewis, Craig, and Steven Young. "Fad or future? Automated analysis of financial text and its implications for 
corporate reporting." Accounting and Business Research 49, no. 5 (2019): 587-615. 
https://doi.org/10.1080/00014788.2019.1611730 

[59] Zhao, Joanna, and Xinruo Wang. "Unleashing efficiency and insights: Exploring the potential applications and 
challenges of ChatGPT in accounting." Journal of Corporate Accounting & Finance 35, no. 1 (2024): 269-276. 
https://doi.org/10.1002/jcaf.22663 

[60] Faccia, Alessio, Julie McDonald, and Babu George. "NLP Sentiment Analysis and Accounting Transparency: A 
New Era of Financial Record Keeping." Computers 13, no. 1 (2023): 5. 
https://doi.org/10.3390/computers13010005 

[61] Qatawneh, Adel M. "The role of artificial intelligence in auditing and fraud detection in accounting information 
systems: moderating role of natural language processing." International Journal of Organizational 
Analysis (2024). https://doi.org/10.1108/IJOA-03-2024-4389 

[62] Duan, Huijue Kelly, Miklos A. Vasarhelyi, Mauricio Codesso, and Zamil Alzamil. "Enhancing the government 
accounting information systems using social media information: An application of text mining and machine 
learning." International Journal of Accounting Information Systems 48 (2023): 100600. 
https://doi.org/10.1016/j.accinf.2022.100600 

[63] Judijanto, Loso, Delfian Zaman, Hansen Louisther, Ghurabillah Ghurabillah, and Renika Hasibuan. "The Impact 
of Artificial Intelligence and Robotic Process Automation on Accounting Performance and Employee 
Satisfaction in Financial Services in Indonesia." The Es Accounting And Finance 3, no. 02 (2025): 94-104.  

[64]. Aboelfotoh, Ahmed, Ahmed Mohamed Zamel, Ahmad A. Abu-Musa, Sara H. Sabry, and Hosam Moubarak. 
"Examining the ability of big data analytics to investigate financial reporting quality: a comprehensive 
bibliometric analysis." Journal of Financial Reporting and Accounting 23, no. 2 (2025): 444-471. 
https://doi.org/10.1108/JFRA-11-2023-0689 

[65] Syin, Chee Kel, and Shahrum Shah Abdullah. "Prediction of Monthly Total Sales for a Company using Deep 
Learning." Journal of Advanced Research Design 101, no. 1 (2023): 1-20. 
https://doi.org/10.37934/ard.101.1.120 

[66] De Silva, Pethmi, Nuwan Gunarathne, and Satish Kumar. "Exploring the impact of digital knowledge, 
integration and performance on sustainable accounting, reporting and assurance." Meditari Accountancy 
Research 33, no. 2 (2025): 497-552. https://doi.org/10.1108/MEDAR-02-2024-2383 

https://doi.org/10.1108/JFRA-12-2021-0489
https://doi.org/10.1108/JFRA-01-2023-0053
https://doi.org/10.1111/1911-3846.12825
https://doi.org/10.1108/MF-12-2021-0586
https://doi.org/10.3389/fenvs.2022.944467
https://doi.org/10.2308/JETA-2022-054
https://doi.org/10.1080/20430795.2021.1874212
https://doi.org/10.1080/00014788.2019.1611730
https://doi.org/10.1002/jcaf.22663
https://doi.org/10.3390/computers13010005
https://doi.org/10.1108/IJOA-03-2024-4389
https://doi.org/10.1016/j.accinf.2022.100600
https://doi.org/10.1108/JFRA-11-2023-0689
https://doi.org/10.37934/ard.101.1.120
https://doi.org/10.1108/MEDAR-02-2024-2383


Journal of Advanced Research Design 

Volume 138 Issue 1 (2026) 42-64  

64 

[67] Vitali, Sonia, and Marco Giuliani. "Emerging digital technologies and auditing firms: Opportunities and 
challenges." International Journal of Accounting Information Systems 53 (2024): 100676. 
https://doi.org/10.1016/j.accinf.2024.100676 

[68] Okirika, James. "Accounting and Disruptive Technologies: An Examination of the Ethical Implications of 
Emerging Technologies." 

[69] Xiao, Jue, Jiangshan Wang, Wenqing Bao, Tingting Deng, and Shuochen Bi. "Application progress of natural 
language processing technology in financial research." Financial Engineering and Risk Management 7, no. 3 
(2024): 155-161. https://doi.org/10.23977/ferm.2024.070320 

[70] Oyewole, Adedoyin Tolulope, Omotayo Bukola Adeoye, Wilhelmina Afua Addy, Chinwe Chinazo Okoye, 
Onyeka Chrisanctus Ofodile, and Chinonye Esther Ugochukwu. "Automating financial reporting with natural 
language processing: A review and case analysis." World Journal of Advanced Research and Reviews 21, no. 3 
(2024): 575-589. https://doi.org/10.30574/wjarr.2024.21.3.0688 

[71] Bose, Sudipta, and Sukanta Bakshi. "From Automation to Strategy: The Transformative Role of Generative AI 
in Financial Auditing."  

[72] Chelliah, Pethuru Raj, Pushan Kumar Dutta, Abhishek Kumar, Ernesto DR Santibanez Gonzalez, Mohit Mittal, 
and Sachin Kumar Gupta, eds. Generative Artificial Intelligence in Finance: Large Language Models, Interfaces, 
and Industry Use Cases to Transform Accounting and Finance Processes. John Wiley & Sons, 2025. 
https://doi.org/10.1002/9781394271078 

[73] Liu, Yang. "Transforming Accounting with Generative AI Potential Opportunities and Key Challenges." Asia 
Pacific Economic and Management Review 1, no. 3 (2024): 1-9. https://doi.org/10.62177/apemr.v1i3.8 

[74] Rane, Nitin, Saurabh Choudhary, and Jayesh Rane. "Gemini or chatgpt? efficiency, performance, and 
adaptability of cutting-edge generative artificial intelligence (ai) in finance and accounting." Efficiency, 
Performance, and Adaptability of Cutting-Edge Generative Artificial Intelligence (AI) in Finance and Accounting 
(February 19, 2024) (2024). https://doi.org/10.2139/ssrn.4731283 

 
 

https://doi.org/10.1016/j.accinf.2024.100676
https://doi.org/10.23977/ferm.2024.070320
https://doi.org/10.30574/wjarr.2024.21.3.0688
https://doi.org/10.1002/9781394271078
https://doi.org/10.62177/apemr.v1i3.8
https://doi.org/10.2139/ssrn.4731283

