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Employee rotation policies have emerged as a pivotal aspect of 
organizational frameworks, enabling systematic movement of employees 
across roles, departments, and locations. These policies aim to enhance 
employee development, foster cross-functional collaboration, and drive 
organizational agility. Despite their strategic importance, many 
organizations face challenges in implementing such policies effectively, 
including skill obsolescence, talent retention issues, and resistance to 
change. Organizations often struggle to align employee aspirations with 
organizational goals while maintaining adaptability in a dynamic business 
landscape. This misalignment can lead to talent underutilization, reduced 
employee engagement, and increased turnover, ultimately hindering 
overall performance and competitiveness. The paper seeks to explore the 
design, implementation, and impact of employee rotation policies on talent 
management and organizational performance. The primary goal is to 
identify best practices that foster continuous learning, innovation, and 
leadership development. The study adopts a mixed-methods approach, 
combining qualitative analysis of organizational case studies with 
quantitative assessments of performance metrics. This dual approach 
ensures a comprehensive understanding of the policy's effectiveness and 
challenges. The findings highlight that well-structured employee rotation 
policies promote knowledge transfer, skill enhancement, and leadership 
development, fostering a culture of inclusivity and adaptability. 
Organizations that implement such policies strategically gain a competitive 
edge by cultivating resilient and versatile workforces aligned with long-
term business goals. 
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1. Introduction 
 

An employee rotation policy overview is a comprehensive and meticulously crafted 
organizational framework designed to strategically manage and optimize the movement of 
employees across various roles, departments, projects, and geographical locations within an 
organization, with the overarching goal of enhancing employee development, knowledge transfer, 
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cross-functional collaboration, organizational agility, and overall business performance [6,13]. This 
multifaceted policy delineates a structured set of guidelines, principles, procedures, and objectives 
governing the systematic rotation of personnel, emphasizing the critical importance of continuous 
learning, skill enhancement, career advancement, and talent retention in driving sustained 
organizational growth and competitiveness amidst evolving market dynamics, technological 
disruptions, and competitive pressures [25]. At its core, an effective employee rotation policy serves 
as a cornerstone of talent management and organizational development strategies, fostering a 
culture of adaptability, innovation, inclusivity, and employee engagement while mitigating the risks 
associated with skill obsolescence, employee turnover, and organizational stagnation [12]. By 
proactively facilitating the equitable distribution of opportunities for professional growth and 
exposure to diverse experiences, perspectives, and challenges, this policy enables organizations to 
harness the full potential of their workforce, cultivate a pipeline of versatile and resilient leaders, and 
maintain a competitive edge in an increasingly complex and dynamic business environment. Through 
strategic workforce planning, talent mobility initiatives, performance evaluation mechanisms, and 
robust communication channels, organizations can leverage employee rotation as a strategic lever 
to optimize resource allocation, align individual aspirations with organizational goals, foster a culture 
of continuous improvement and innovation, and drive sustainable business success in the long term 
[26]. 

Eligibility criteria for employee rotation typically include a proven track record of performance, 
adaptability to new roles and challenges, a willingness to learn, good communication skills, and the 
ability to work collaboratively [7]. It may also consider tenure, to ensure employees have a 
foundational understanding of the organization's operations and culture. The objectives of 
implementing employee rotation are multifaceted and strategic, designed to cultivate a more 
versatile, engaged, and skilled workforce [25]. By systematically moving employees through a variety 
of roles or departments, organizations aim to broaden their skill sets, promoting a deeper 
understanding of the business. This practice not only enhances job satisfaction by providing new 
challenges and reducing monotony but also facilitates innovation by bringing fresh perspectives to 
different areas of the business. Additionally, employee rotation is a proactive measure against 
burnout, as it keeps the work environment dynamic and stimulating. It also prepares employees for 
higher responsibilities by giving them a holistic view of the organization [26], making it easier to 
identify and groom potential leaders. Moreover, this strategy enhances flexibility and adaptability 
among staff, enabling the organization to respond more effectively to change and unforeseen 
challenges.  

The role of decision support systems in developing human resources has developed towards 
group decision support systems. The system has advantages because decision-making is based on 
several decision-makers, and it is hoped that the results of these decisions will be more optimal in 
research conducted by Soleman [20] on a web-based Decision Support System that uses the Analytic 
Hierarchy Process (AHP) and Profile Matching (PM) methods to increase the efficiency and accuracy 
of prospective employee selection [20]. Other research develops a Group Decision Support System 
using the Simple Additive Weighting method to streamline and enhance the objectivity of job 
promotion decisions at university [8]. Apart from that there is also research conducted by Abidin and 
Suhaimi [1], using rule-based decision support system techniques to identify the rules of this system, 
design a system using rule-based techniques and develop a system to diagnose cellphone failures. 

Zhang's [26] research explores how social context and performance management, influenced by 
organizational culture, psychological safety, collectivism, and power distance, can mediate and 
improve organizational innovation performance. Findings show these factors' positive and negative 
impacts on innovation [26]. Another study discusses the overwhelmingly positive impact of job 
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rotation on employee performance in Syria. The results show that job rotation significantly increases 
employee motivation, job satisfaction and overall performance, reassuring the need for a method for 
making the right decisions regarding the rotation carried out. Research recommends implementing 
a job rotation policy to maximize performance [3]. Research conducted by Hodgson [12] examined 
the impact of job rotation on organizational loyalty in the Municipality of Amman. The method used 
is descriptive-analytical; this research reveals a high level of job rotation and organizational 
commitment among employees, as well as the significant influence of job rotation on their loyalty 
[12]. Another research development had a sample of 560 family companies and analyzed the 
relationship between family business performance and employee development practices for 
effective employee rotation. The techniques used were confirmatory factor analysis and structural 
equation modelling [13]. 

Methods for making decisions are carried out in various fields, for example MCDM (Multi-criteria 
decision making), Multi-Objective Optimization by Ratio Analysis (MOORA) with user preferences, 
and Entropy Weight Method (EWM) with automatic weight allocation, used to determine the ranking 
of alternative solutions [2]. Application of the Group Decision Making (GDM) method in Shipping 
Industry 4.0, analyzing literature using bibliometrics, as well as exploring general GDM procedures 
such as preference representation, consensus measures, and alternative selection [24]. Development 
of another method, namely the Group Decision Support System (GDSS) to determine employee 
promotions by reducing subjectivity through assessment by three teams: general manager, HRD 1, 
and HRD 2. The GAP Profile Matching method is used to assess work attitude and intellectual capacity 
criteria, helping to select employees with the most suitable profile for promotion [14, 23]. Another 
study developed an objective decision-making system using the AHP method to select the best 
employees in the company. By reviewing the literature, this study found problems related to 
impartial decision-making. The results show the best employees with the highest absolute scores, 
which cannot be changed [11]. Another study investigated the relationship between employee 
development, time and workspace flexibility and job satisfaction in sustainable HR management in 
Romania, this study highlights the importance of work flexibility in increasing employee satisfaction, 
performance and motivation, especially through flexible workspaces which are increasingly in 
demand [9]. Other research developed a group decision support system using the AHP, TOPSIS, and 
BORDA methods to determine the eligibility of cooperative members to receive loans, helping to 
increase objectivity and efficiency in the decision-making process in organizations [21]. Research 
conducted by Aziz [4] reduces subjectivity in performance assessment at PT. Krakatau Osaka Steel 
used a Group Decision Support System based on the Simple Additive Weighting and Borda methods, 
from 59 employees; this system selected the three best employees based on several criteria [4,5,10]. 
Another research developed a Group Decision Support System at Serang Raya University using the 
Simple Additive Weighting (SAW) method to simplify and speed up the selection of employees who 
are worthy of promotion. This system helps determine employee rankings based on personnel policy 
criteria, involving the dean, head of civil service and chancellor [8]. In research conducted by Soleman 
[20] on a web-based Decision Support System that uses the Analytic Hierarchy Process (AHP) and 
Profile Matching (PM) methods to increase the efficiency and accuracy of prospective employee 
selection [20,22].  

Other Research related to modifying equations in decision support system models has also been 
carried out but at a different scope so that it will have different paths and procedures; for example, 
Research conducted by Qiyas et al. in 2022 [15,19], namely carrying out average operator aggregation 
for a rough set of fuzzy orthopedics. Complex q-rung, examine its properties and integrate modified 
EDAS (evaluation based on distance from average solution) methods to solve multicriteria decision-
making problems [15,18] and colleagues developed aggregation operators for CT-SFS in the same 
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year, offering a more accurate multicriteria decision-making approach. Through case studies and 
comparative analysis, this method shows superiority in handling complex uncertainties and 
producing optimal decisions[18]. 

Furthermore, the same researcher conducted research on developing a CFOF2TL (complex 
fractional orthotriple fuzzy 2-tuple linguistic) based MAGDM (multi attribute group decision making) 
method to handle the economic crisis during COVID-19 with an innovative linguistic approach; this 
method includes new aggregation operators, such as CFOF2TLMSM (CFOF2TL Maclaurin’s symmetric 
mean), to convey fuzzy information, ensuring effectiveness and reliability through empirical and 
comparative studies [16]. Development continued in 2024 by Qiyas et al [19], introducing BCFCS 
(bipolar complex fuzzy credibility set ) based aggregation operators for multicriteria group decision 
making. Through case studies of hospital selection and comparative analysis, this method proves its 
rationality, efficiency, and applicability in dealing with complex and uncertain situations [19]. 

Despite the extensive research on employee rotation policies, several gaps remain in the practical 
implementation and strategic alignment of these policies within diverse organizational contexts. 
Prior studies predominantly focus on the benefits of job rotation, such as skill enhancement, career 
development, and organizational agility. Yet, they offer limited insights into the challenges of 
tailoring these policies to align with unique organizational cultures, technological advancements, and 
competitive pressures. Moreover, while decision support systems (DSS) have been explored to 
facilitate objective decision-making, integrating advanced methods such as Group Decision Support 
Systems (GDSS) with real-time analytics for optimizing employee rotation remains underexplored. 
Existing research has not sufficiently addressed the role of emerging technologies, such as AI and 
machine learning, in automating and enhancing rotation strategies. Additionally, the interplay 
between employee satisfaction, organizational loyalty, and long-term performance outcomes in the 
context of rotation policies warrants further investigation to ensure sustainable implementation. The 
contributions of this research are 1) Modification of the group decision support system equation 
using the profile matching method to obtain the proper analysis, 2) Implementation of employee 
rotation with several variables so that additional aspects of information become more accurate, and 
3) As a tool to facilitate decision making when there are 2 different opinions. 
 
2. Methodology  
2.1 Proposed Model 
 

Model development is carried out by describing it in the form of a process flow. In the 
comprehensive human resources screening process, experienced HR professionals initially utilize 
Case-Based Reasoning (CBR) to identify potential candidates effectively. By analyzing data records 
from previous years, CBR leverages past experiences to address new problems, enhancing decision-
making in the critical identification stage. This method not only mimics human problem-solving 
capabilities but also progressively enriches its database, ensuring continuous improvement in HR 
operations. In Figure 1, the model development process consists of two crucial stages: 
 
1. The essential identification stage in the screening process is carried out by experienced HR 

professionals. It is imperative to utilize Case-Based Reasoning (CBR) to complete this stage. CBR 
effectively solves problems by comparing new cases with past experiences. The input for the 
initial identification stage is in the form of data records from previous years. The resulting output 
provides vital information for the initial identification, serving as the basis for decision-making. 
CBR fundamentally imitates human problem-solving abilities by leveraging past experiences to 
address new problems. Knowledge is represented as cases, each containing both problems and 



Journal of Advanced Research Design  
Volume 139, Issue 1 (2026) 187-200 

191 
 

solutions, resembling patterns. CBR effectively works by comparing new cases with old ones. If a 
similarity is found, CBR assertively provides solutions based on past cases. If no match is found, 
CBR adapts by adding the new case to a case-based database, thus enhancing its knowledge 
indirectly. 

 
2. Figure 1 in subpart II shows that after carrying out the presumptive identification stage in 

screening using Case-Based Reasoning (CBR), the following process is the work diagnosis stage, 
which refers to Figure 1, the work diagnosis stage carried out by Professional HRD such as the 
Head of Personnel, Head HRD or HR Director, HRD Professional provides an assessment of 
employees based on their respective expertise so that it becomes a joint decision. Therefore, it is 
necessary to solve it using SPKK because SPKK in resolving a problem is based on an assessment 
of the expertise of each expert in the field of human resources. The input process is obtained 
from presumptive identification data in the form of experience, knowledge, need, work 
performance, and responsibility data. From the presumptive identification data, HRD 
professionals assess the symptoms experienced by the patient, and the output is in the form of 
an alternative ranking of performance information from these five elements. The process that 
HRD professionals go through in managing employees, apart from requiring knowledge, also 
requires skills that are not only identification skills; these skills are HRD professionals in making 
decisions related to patient care, such as deciding or determining the character of employees or 
deciding on the placement of employees in departments certain conditions [4].  
 

 
Fig. 1. Architecture for Developing an Employee Rotation System Model Based an  

GDSS and Profile Matching 
 
Decision-making problems are often faced in various fields, including human resources (HRD). 
Decision-making is selecting several alternative courses of action aimed at achieving specific 
goals. The decision-making process must be distinct from the support of several factors, such 
as human factors, resources, and decision-making procedures. According to Mendoca (2004), 
CGDSS or SPKK is a computer program designed to assist experts in making decisions. The aim 
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is to help professionals analyze data and make decisions based on aspects of information 
assessment. Building an SPKK requires criteria and alternatives so several employee 
performance assessments can be used as criteria. Tables 1 and 2 below show a list of 
alternatives and criteria. 

 
Table 1 
Employee Job Rotation Alternative 

No Code Alternative 
1 A1 Employee A 
2 A2 Employee B 
3 A3 Employee C 
4 A4 Employee D 

 
Table 2  
Employee Job Rotation Criteria 

No Criteria Information Data Type 
1 C1 Experience Numerical (year) 

2 C2 Knowledge Qualitative (very less, not enough, 
enough, good, very good) 

3 C3 Need Qualitative (very less, not enough, 
enough, good, very good) 

4 C4 Work performance Qualitative (very less, not enough, 
enough, good, very good) 

5 C5 Responsibility Qualitative (very less, not enough, 
enough, good, very good) 

6 C6 Length of work Numerical (year) 

7 C7 Rank Qualitative (junior, intermediate, senior, 
supervisor, manager) 

8 C8 Group Qualitative (A, B, C, D, E) 
 
 
In the process of completing the SPKK, it is necessary to build a performance rating matrix n is the 
number of criteria totaling 8. Table 3 shows the performance rating matrix for the criteria against 
alternatives. 
 

Table 3 
Employee Job Rotation Criteria 
Alternative Criteria 
 (C1) (C2) … (C8) 

A1 X11 X12 … X18 
A2 X21 X22  X28 

 
Based on tables 1, 2 and 3, an HR director will provide a criteria assessment of alternatives 
(assessment) in the performance rating matrix (Table 3). The Director of HR as a decision maker plays 
a role in providing a criteria value for alternatives, for example: A Director of HR as DM1 and the Unit 
Leader as DM2 provide an assessment of an employee using several criteria. 
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2.2 Process of Rotational Assignment 
 

Translating the process of rotational assignments into a mathematical formula or model involves 
abstracting key elements of the process into variables and steps that can be quantified. Here's a 
simplified version: 

 
Let R be the rotation process, defined by the function R = (E, P, T, S) → A 

 (1) 
where: 

E = is the set of employees eligible for rotation, E= {e1, e2,..., en} 
P = is the set of positions or departments available for rotation, P={p1, p2,...,pm} 
T = represents the time period or tenure required before an employee is eligible for 

the next rotation. 
S = is the skill match or compatibility score between an employee and a potential 

new position, calculated based on skills required by the position and the 
employee's skills. 

A = represents the assignments of employees to new positions. 
 
The process R can be further detailed as follows:  

1. Eligibility check, for each employee ei ∈	E, check if the tenure ti in the current position meets 
or exceeds T. 

2. Skill matching, for each eligible employee, calculate the skill match score sij for each position 
pj ∈	P they have not yet held. 

3. Assignment, assign employee ei to position pj where sij is the highest among all unoccupied pj, 
subject to the constraint that each pj can only be filled by one ei at a time. 

4. Rotation Schedule, determine a schedule for these assignments that optimizes for 
organizational needs and employee growth opportunities, potentially adding constraints or 
objectives to balance workload, ensure diversity of experience, or meet specific 
developmental goals. 

 
In mathematical terms, the assignment part might involve solving an optimization problem, typically 
a variant of the assignment problem, which can be represented and solved using techniques such as 
linear programming. 
 

𝑀𝑎𝑥𝑖𝑚𝑖𝑧𝑒 =) ) 𝑠!"	𝑥!"
$

"%&

'

!%&
 

 (2) 
Subject to: 
 

xi ∈ {0,1} for all i,j indicating whether employee ei is assigned to position pj (1) or not (0) 

! 𝑥!"	
$

"%&
≤ 1 𝑓𝑜𝑟	𝑎𝑙𝑙	𝑖, 𝑒𝑛𝑠𝑢𝑟𝑖𝑛𝑔	𝑒𝑎𝑐ℎ	𝑒𝑚𝑝𝑙𝑜𝑦𝑒𝑒	𝑖𝑠	𝑎𝑠𝑠𝑖𝑔𝑛𝑒𝑑	𝑡𝑜	𝑎𝑡	𝑚𝑜𝑠𝑡	𝑝𝑜𝑠𝑖𝑡𝑖𝑜𝑛 

! 𝑥!"	
'

!%&
= 1 𝑓𝑜𝑟	𝑎𝑙𝑙	𝑗, 𝑒𝑛𝑠𝑢𝑟𝑖𝑛𝑔	𝑒𝑎𝑐ℎ	𝑒𝑚𝑝𝑙𝑜𝑦𝑒𝑒	𝑖𝑠	𝑓𝑖𝑙𝑙𝑒𝑑	𝑏𝑢	𝑒𝑥𝑎𝑐𝑡𝑙𝑦	𝑜𝑛𝑒	𝑒𝑚𝑝𝑙𝑜𝑦𝑒𝑒 

 
This model simplifies the real complexities involved in rotational assignments but provides a 
structured way to think about matching employees to positions in a way that optimizes for skill 
development and organizational needs. 



Journal of Advanced Research Design  
Volume 139, Issue 1 (2026) 187-200 

194 
 

2.3 Process of Rotational Assignment 
 

A Group Decision Support System (GDSS) is a collaborative technology designed to facilitate 
decision-making processes within groups or teams. GDSS integrates various decision-making tools 
and techniques to help members analyse problems, generate alternatives, and select the best course 
of action collectively. Profile Matching and Simple Additive Weighting (SAW) are two essential 
components of GDSS that enhance decision-making processes: 1) Profile Matching involves 
comparing individual preferences or qualifications against predefined criteria or profiles. Each 
member's characteristics, expertise, preferences, or constraints are matched against the 
requirements of the decision-making task. This approach allows for the identification of individuals 
whose attributes align closely with the desired outcomes, thus assisting in selecting the most suitable 
participants or solutions. 2) Simple Additive Weighting (SAW) is a multi-criteria decision-making 
method used to evaluate and rank alternatives based on weighted criteria. In SAW, each criterion is 
assigned a weight representing its relative importance. The alternatives are then evaluated based on 
these criteria, and their scores are aggregated to determine the overall ranking. SAW provides a 
structured approach for comparing diverse alternatives and systematically evaluating their strengths 
and weaknesses. Profile Matching and SAW contribute to the effectiveness of GDSS by facilitating 
informed group decisions, promoting consensus-building, and maximizing the utilization of group 
members' expertise and preferences. These tools empower groups to make well-informed decisions 
that align with organizational objectives and stakeholder interests. 

Creating mathematical formulas for the Group Decision Support System (GDSS) and Profile 
Matching requires an understanding of the processes and goals of both systems. The following is an 
example of a mathematical formula that can represent these two concepts: 
 

1. GDSS: GDSS is often used to achieve consensus in group decision making. A simple formula 
that can be used is a preference aggregation model: 

 
B(i) = \sum_{j=1}^{n} (N - Rj(i)) 

 (3) 
 
where (B(i)) is the Borda score for alternative (i), (N) is the total number of alternatives, (Rj(i)) 
is the rating given by participant (j) for alternative (i), and (n) is the number of participants. 
 

2. Profile Matching: Profile Matching is often used in the recruitment process to match 
candidates with job profiles. A simple formula that can be used is a suitability score based on 
certain criteria: 

S_k = \sum_{i=1}^{m} w_i \cdot (P_{ki} - J_i)^2 
 (4) 

 
where (S_k) is the suitability score for candidate (k), (w_i) is the weight for criterion (i), (P_{ki}) 
is the value of candidate (k) on criterion (i), (J_i) is the ideal value for criteria (i), and (m) is the 
number of criteria. 

 
These two formulas are simple examples and in practice, the mathematical models for GDSS and 
Profile Matching can be more complex and tailored to the specific needs of the problem at hand. 

 
The steps in the GAP Profile Matching method are: 
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1. The steps in the GAP Profile Matching method are:  
GAP calculation process.  
The gap is the difference between the job profile and the employee profile, with the 
following formula: 
 

𝐴𝑃 = 𝑃𝑟𝑜𝑓𝑖𝑙𝑒_𝐾𝑎𝑟𝑦𝑎𝑤𝑎𝑛 − 𝑃𝑟𝑜𝑓𝑖𝑙𝑒_𝐽𝑎𝑏𝑎𝑡𝑎𝑛	 
 (5) 

2. After obtaining the GAP for each profile, it is given a weighted value using the GA value 
weighting table as a benchmark in Table 4. 
 

Table 4 
GAP Difference and Value Weight 
GAP Difference Value Weight Information 

0 6,0 No GAP (Competency as required) 
1 5,5 Individual Competency is 1 level excess 
-1 5,0 Individual Competency is less than 1 level 
2 4,5 Individual Competency is 2 level excess 
-2 4,0 Individual Competency is less than 2 level 
3 3,5 Individual Competency is 3 level excess 
-3 3,0 Individual Competency is less than 3 level 
4 2,5 Individual Competency is 4 level excess 
-4 2,0 Individual Competency is less than 4 level 
5 2,5 Individual Competency is 5 level excess 
-5 1,0 Individual Competency is less than 5 level 

 
3. Calculation and grouping of core factors and secondary factors. Core factors or main 

factors are aspects of competency that are most needed by a position which are 
expected to produce optimal performance, while secondary factors or supporting 
factors are items other than the aspects contained in the core factors. Core factor 
calculations can use a formula: 

𝑁𝐶𝐼 =
𝛴𝑁𝐶
𝐼𝐶

 

 (5) 
Where:  

NCI = Average core factor value  
NC = Total number of core factor values  
IC = Number of core factor items 

 
4. Calculation of the Total Value of Each Aspect. From the calculation results for each 

aspect above, the total value is then calculated based on the percentage of core 
factors and secondary factors that are estimated to influence the performance of each 
profile. Examples of calculations can be seen in the formula,  

5. Ranking calculation. The final result of the profile matching process is a ranking of the 
candidates submitted to fill a particular position.  

 
The following is an example of a comparison table and analysis of GAP profile matching for two 
employees based on the criteria of Experience, Knowledge, Need, Work performance, Responsibility, 
Length of work, Rank, and Group presented in table 5, table 6 and table 7. 
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Table 5 
GAP Score Weight 8 Criteria 

Experience Knowledge  Need Work Performance  

Range Period Weight Rate Weight Rate Weight Rate Weight 
0-2 Year 1 Very less 1 Very less 1 Very less 1 
3-5 Year 2 Not enough 2 Not enough 2 Not enough 2 
6-8 Year 3 Enough 3 Enough 3 Enough 3 

9-11 Year 4 Good 4 Good 4 Good 4 
 >12 Year 5 Very good 5 Very good 5 Very good 5 

 
Table 6 
GAP Score Weight 8 Criteria [continues] 

Responsibility Length of Work  Rank Group 
Rate Weight Range Period Weight Rate Weight Rate Weight 
Very less 1 0-2 Year 1 Junior 1 A 1 
Not enough 2 3-5 Year 2 Intermediate 2 B 2 
Enough 3 6-8 Year 3 Senior 3 C 3 
Good 4 9-11 Year 4 Supervisor 4 D 4 
Very good 5  >12 Year 5 Manager 5 E 5 

 
Table 7 
Example of GAP Comparison and Analysis 

Criteria Standard Employee A Score A GAP A Employee B Score B GAP B 
Experience 5 6 Year 3 2 10 Year 4 1 
Knowledge 5 Good 4 1 Very Good 5 0 
Need 5 Enough 3 2 Good 4 1 
Work Performance 5 Good 4 1 Very Good 5 0 
Responsibility 5 Enough 3 2 Good 4 1 
Length of Work 5 7 Year 3 2 10 Year 4 1 
Rank 5 Senior 3 2 Supervisor 4 1 
Group 5 B 3 2 A 4 1 
Total 40 Total 26 14 Total 34 6 

 
From the table above, it can be concluded that Employee B is more in line with the established 

standards than Employee A, because he has a smaller total GAP. Employee A has a total score of 26 
with a total GAP of 14 and Employee B has a total score of 34 with a total GAP of 6. 
 
3. Results  
 

There are three stages to complete the SPKK process in this research: 1). Weighting stages 
using the Eckenrode method; 2). Stages of ranking decision alternatives; and 3). Voting stages using 
the BoostVote method. These stages will be described as follows. 
 
3.1 Alternative Ranking Results with Weighting Stages Eckenrode Method.   
 

The weighting method used in this research is the Eckenrode method. The Eckenrode method 
calculates the degree of importance/weight of each criterion determined in decision-making. Several 
studies on weighting using the Eckenrode method in decision-making have used the weights to 
determine the degree of importance of each criterion determined in decision-making using the 
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Eckenrode method. The Eckenrode method used in this research is to obtain weights that reflect the 
accommodation of the weights given by the DM. This process is carried out to get the best weight 
values used in the decision alternative ranking stage. Based on Table 6, there are eight criteria: C1 is 
Experience, C2 is Knowledge, C3 is Need, C4 is Work Performance, C6 is Length of Work, C7 is Ranking, 
and C8 is Group. The eight criteria are given a weight value based on the level of importance of the 
requirements. For example, in this case, criterion C1 is Experience, which is a criterion that is 
considered very important, so DM1 gives a score of 3 (very influential). Criterion C2 is Knowledge, a 
criterion considered very important, so DM1 gives a score of 3 (very influential). Criterion C3 in Need 
is a criterion that is regarded as important, so DM1 gives a score of 2 (influential), in the same way 
as giving weight values to other criteria. The steps in the process of calculating weight values using 
the Eckenrode method are as follows: 
 

1. Create a table of criteria weight values each decision maker (DM) gives. The weight value of the criteria 
given in Table 8. 

2.  
Table 8 
Weigh Value of The Criteria 
 Exp Kno Nee WP Resp LoW Rank Group 
Exp 1,00 3,00 2,00 4,00 3,00 5,00 4,00 2,00 
Kno 0,33 1,00 0,33 2,00 1,50 3,00 2,00 1,00 
Need 0,50 1,50 1,00 3,00 2,00 4,00 3,00 2,00 
WP 0,25 0,50 0,33 1,00 0,67 1,50 1,00 0,67 
Resp 0,33 0,67 0,50 1,50 1,00 2,00 1,50 1,00 
LoW 0,20 0,33 0,25 0,67 0,50 1,00 1,00 0,50 
Rank 0,25 0,50 0,33 1,00 0,67 1,00 1,00 0,67 
Group 0,50 1,00 0,50 1,50 1,00 2,00 1,50 1,00 

 
Information:  

1. Exp  = Experience 5. Resp  = Responsibility 
2. Kno  = Knowledge 6. LoW  = Length of Work 
3. Nee  = Need 7. Rank  = Ranking 
4. WP  = Work Performance 8. Group  = Group  

 
2. Based on Table 9 of the performance rating matrix, an HR Director as DM will assess the criteria against 

(alternatives) from the value of the performance rating matrix, and then a decision alternative ranking 
process is carried out. In the process of ranking decision alternatives, the solution is to use the TOPSIS 
method, which is integrated with the calculation of the criteria weight values using the Eckenrode method 
with the following results: 
 

Table 9 
Alternative Decision Results for Each DM 

Rank DM1 DM2 
1 0.5462 0.5600 
2 0.0000 0.0000 

 
3. Stages of Voting using the BoostVote Method. If a Head of the Human Resources Bureau is in an 

organization, he will work in a team to produce appropriate reasons for employees or, in other words, 
play a role in determining decision-making based on the results of the criteria applied to employees. An 
HR team will work together to make joint decisions by voting. The voting process is needed to determine 
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decisions that can be recommended as alternative group decisions. In this process, the head of the HR 
bureau, who plays the role of decision maker (DM) in making decisions, is the head of the HR bureau 
(DM1) and the director (DM2). The results of the process using the BoostVote method are as follows in 
Table 10: 

 
Table 10 
Decision Alternative Ranking Results 

A1 A2 
0.5278 0.2929 

 
The final calculation results from the BoostVote method show that alternative A1 has the highest value 
(0.5278 for knowledge). Therefore, the group decision recommends A1 as a decision that will be taken by 
the Head of the HR Bureau to determine the criteria for employees with high knowledge who will be 
placed in the appropriate unit. 
 

4. Conclusions 
 

In the calculation model carried out using profile matching and a group decision support 
system, with the steps of the Profile Matching and Simple Additive Weighting (SAW) method, two 
essential components of GDSS enhance decision-making processes and carrying out a weighting 
model using three steps 1). Weighting stages using the Eckenrode method; 2). Stages of ranking 
decision alternatives; and 3). Voting stages using the BoostVote method have proven that this 
method can provide an alternative assessment of employee rotation criteria from leaders with 
different opinions on the decisions taken. Employee Rotation Policy is a vital strategic tool that 
empowers organizations to navigate the complexities of the modern business landscape. It ensures 
the dynamic distribution of talent across various sectors of the company, fostering a robust culture 
of learning and growth. This policy is instrumental in developing a versatile and agile workforce, 
capable of leading with resilience and adaptability. By aligning individual career goals with the 
organization’s objectives, it not only enhances employee satisfaction and retention but also propels 
the organization towards sustained growth and a formidable competitive stance. Ultimately, the 
Employee Rotation Policy is more than a set of guidelines; it is a commitment to continuous evolution 
and excellence within the workforce, essential for thriving in today’s ever-changing global market. 
Further research can carry out in-depth analysis with additional assessment variables in the decision-
making process and develop methods with additional fuzzy method algorithms. 
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